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ABSTRACT: Understanding short texts is crucial to many applications, but challenges abound. Here we focus on short texts which refer to texts 

with limited context. These short texts are produced including Search queries, Tags, Keywords, Conversation or Social posts and containing 

limited context. Semantic knowledge is required in order to better understand short texts. First, short texts do not always observe the syntax of a 

written language. As a result, traditional natural language processing tools, ranging from part-of-speech tagging to dependency parsing, cannot 

be easily applied. Second, short texts usually do not contain sufficient statistical signals to support many state-of-the-art approaches for text 

mining such as topic modeling. Third, short texts are more ambiguous and noisy, and are generated in an enormous volume, which further 

increases the difficulty to handle them. Our knowledge-intensive approaches disrupt traditional methods for tasks such as text segmentation, 

part-of-speech tagging, and concept labeling, in the sense that we focus on semantics in all these tasks. We conduct a comprehensive 

performance evaluation on real-life data. The results show that semantic knowledge is indispensable for short text understanding, and our 

knowledge- intensive approaches are both effective and efficient in discovering semantics of short texts. 

 

__________________________________________________*****_________________________________________________  

 

I. Intoduction: 

In this paper, we focus on short texts which refer to 

texts with limited con-text. Many applications, such as web 

search and 

microblogging services etc., need to handle a large amount of 

short texts. A search task represents an atomic information need 

of a user in web search. Tasks consist of queries and their 

reformulations, and identifying tasks is important for search 

engines since they provide valuable information for determining 

user satisfaction with search results, predicting user search 

intent, and suggesting queries to the user. Traditional 

approaches to identify the tasks, exploit either temporal or 

lexical features of queries. However, many query refinements 

are topical, which means that a query and its refinements may 

not be similar on the lexical level. Furthermore, multiple tasks 

in the same search session may interleave, which means we 

cannot simply order the searches by their timestamps and divide 

the session into multiple tasks. Thus, in order to identify tasks 

correctly, we need to be able to compare queries at the semantic 

level. In this section we discuss the following factors: 

 

Text segmentation gives a short text, find the most 

semantically coherent segmentation. 

Type detection detects each term with best type.Concept 

labeling for each ambiguous instance, re-rank its concept 

clusters according to the context. 

 

II. Existing Work: 

Understanding text to retrieve required content from 

a huge database is a critical task and more efforts has been 

devoted to this field. In current available system if a query is 

processed by user the entire query is considered to be 

keyword and processing of entire query will takes place. 

Therefore processing entire query leads to more time 

consumption and computation power because the machine 

learning does not understand which word is important or 

main key to search content. Short text identification is also 

difficult task in effective retrieval of data. 

Entity linking focuses on retrieving “explicit topics” 

expressed as probabilistic distributions on an entire 

knowledgebase. However, categories, “latent topics”, as well 

as “explicit topics” still have a semantic gap with humans’ 

mental world. 

 

III. Proposed WORK: 

First, short texts do not always observe the syntax of a 

written language. As a result, traditional natural language 

processing    tools,    ranging    from part-of-speech tagging to 

dependency parsing, cannot be easily applied. Second, short texts 

usually do not contain sufficient statistical signals to support 

many state-of-the-art approaches for text mining such as topic 

modeling. Third, short texts are more ambiguous and noisy, and 
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are generated in an enormous volume, which further increases 

the difficulty to handle them. 

In the proposed system we have stated the semantic 

knowledge is required in order to better understand short texts. 

A prototype system for short text understanding which exploits 

semantic knowledge provided by a well-known knowledge base 

and automatically harvested from a web corpus is constructed. 

Knowledge-intensive approaches disrupt traditional methods for 

tasks such as text segmentation, part-of- speech tagging, and 

concept labeling, in the sense that we focus on semantics in all 

these tasks. We introduce three levels of ambiguity, and 

propose methods to determine ambiguity level by analyzing the 

hierarchical and overlapping relationships between concept 

clusters. 

Level 0 refers to instances that most people regard as 

unambiguous. These instances contain only one sense, such as 

“dog” (animal) and “california” (state);Level 1 refers to instances 

that both ambiguous and unambiguous make sense. These 

instances usually contain more than one senses, but all of these 

senses are related to some extent, such as “google” (company & 

search engine) and “nike” (brand & company); 

Level 2 refers to instances that most people think as ambiguous. 

These instances contain two or more unrelated senses, such as 

“apple” (fruit & company) and “jaguar” (animal & company). 

 

 

FIG.1: FRAMEWORK OVERVIEW 
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Vi. Methodology 

 OFFLINE PROCESSING 

A prerequisite to short text understanding is the 

knowledge about semantic relatedness between terms. We 

describe how we construct the co- occurrence network and 

quantify semantic coherence. After that, we introduce the 

indexing strategy to allow for approximate term extraction on 

the vocabulary, as well as the approach to determine instance 

ambiguity. 

 

 ONLINE PROCESSING 

There are basically three tasks in online processing of 

short texts, namely text segmentation, type detection, and 

concept labeling. 

A. Text segmentation 

Divide a short text into a collection of terms contained 

in a vocabulary (e.g., “book dis-neyland hotel california” is 

segmented as fbookdisneyland hotel californiag); 

 

B. Type Detection 

Determine the types of terms and recognize instances 

(e.g., “disneyland” and “california” are recognized as instances, 

while “book” is a verb and “hotel” a concept); 

C. Concept Labeling 

Infer the concept of each instance (e.g., “disneyland” 

and “california” refer t the concept theme park and state 

respectively). Overall, three concepts are detected from short 

text “book disneyland hotel california” using this strategy, 

namely theme park, hotel, and state in FIG: 2.  

 

FIG.2 

 

IV. Conclusion: 

In this work, we propose a generalized framework to under-

stand short texts effectively and efficiently. More 

specifically, we divide the task of short text understanding 

into three subtasks: text segmentation, type detection, and 

concept labeling. The experimental results demonstrate that 

our proposed framework outperforms existing state-of-the-art 

approaches in the field of short text understanding. As a 

future work, we attempt to analyze and incorporate the 

impact of spatial-temporal features into our framework for 

short text understanding. 
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